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DECODING
THE FUTURE

How Machine Learning
Is Revolutionizing Fraud
Detection in Banking




Machine Learning (ML)

Machine Learning offers a significant promise in
curbing the issue of new account fraud. Its
capability to quickly sift through vast amounts of
data and detect patterns that may be indicative
of fraudulent activity is becoming increasingly
vital in today's digital financial landscape.

HERE'S A DEEPER DIVE INTO HOW
MACHINE LEARNING IS REVOLUTIONIZING
THE FIGHT AGAINST NEW ACCOUNT FRAUD:
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Feature Engineering

The success of a neural net model is based on
the data. To detect fraud, transaction data is
used to derive behavior patterns common to
suspicious activity.

As an example of potential inputs, such data
as |IP addresses, device fingerprints,
transaction history, and even typing speed or
mouse movements can be used.
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Unsupervised Learning

This involves using unlabeled data.
Algorithms like clustering can be used to
group similar transactions together.

Any transaction that does not fit into a typical
cluster can be flagged for review.

3§ RO
AR,
Y " ~.. > ® 9% 3

SR 35 Eﬁi{

aw ..}

.) r .-.. .
4 00“' .} ' . ..
. » ...“ .
...} ...

.3 .

g’@ Rembranthl

Ai powered by To'bICASE



e’ 2 .
.‘.-'..$...o.... o. .. .
' .) P e0° » e
T30 000" " o
’. ‘ » o® e
. 0' ° » .o
‘ o.... = » .
v' ’ ".’ ; .:):o: 20000 .
SRR L > .".0 o.o .o . .' @
"" P % %

Supervised Learning

Using labeled data, where transactions are
tagged as either 'fraudulent’ or ‘legitimate’,
machine learning models can be trained to
identify patterns associated with fraud.

Over time and with more data, these Ai models
become better at predicting new previously
unseen instances of fraud.
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Real-time Analysis

Machine learning can process data in real-time,
allowing financial institutions to flag and halt
suspicious activities as they happen.

This is especially vital in the age of instant
transactions, where delays in detection can
result in compounding irreversible losses.
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Adaptability

As fraudsters continuously evolve in their
methods and produce new data, machine
learning models incorporate this information
to successfully combat those new strategies.
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Integrating Multiple
Data Sources

To achieve high effectiveness, machine
learning must integrate and analyze data from
diverse sources — from transaction details and

global fraud trends to data from external threat
intelligence feeds.
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Regulation and Ethics

As machine learning becomes pivotal in
decision-making, there is a heightened
demand for transparency and ethical
considerations. It is essential to ensure that Al
models do not discriminate or introduce bias.

Regulators are stepping in to ensure a balance
among innovation, consumer protection, and
ethical considerations.
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Machine learning holds immense potential in
reshaping the landscape of fraud detection and
prevention. As Al models improve and more data
becomes available, the financial industry can look
forward to even more robust systems to protect
consumers and institutions alike.

RembrandtAi®, specializing in real-time Ai fraud
prevention, stands at the forefront of this
technological renaissance. By harnessing the power
of machine learning, RembrandtAi® is not only
helping financial institutions to combat new account
fraud but also shaping a safer financial landscape.
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